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Introduction
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* What should fairness mean?

* What are the causes that introduce unfairness in machine learning? =
* How best should we modity our algorithms to avoid unfairness? ?
* What are the corresponding tradeofts with which we must grapple? ®
A group of industry, academic, and government experts convene in
Philadelphia to explore the roots of algorithmic bias.
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What we know

Causes of Unfairness
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* Bias encoded 1n data
* Minimizing average error fits majority populations

* The need to explore
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What we know

Defimitions of fairness
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Questions at the Research Frontier

Between Statistical and Individual Fairness
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Questions at the Research Frontier

Data Evolution and Dynamics of Fairness
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Questions at the Research Frontier

Data Evolution and Dynamics of Fairness
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Questions at the Research Frontier

Modeling and Correcting Bias in the Data
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Questions at the Research Frontier

Fair Representations

s NTFETF IR —FHIEEBIIE, ARXTRLZEE 5145
8 ZAT B BT IR AR SR AR AT 8942 8, SIANE R EIELE S,

a5 & 4l X
o INFERRE IR NTAGAF AL B BE TR S Fe e R
YEAEZ 8] 09 £ BR

Canler on FronBars of Compuling Shudies, Peking Uini




Questions at the Research Frontier
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Beyond Classification
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Thanks for watching!
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